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1. Introduction 

1.1 Cell signalling and tumorigenesis 
In multi-cellular organisms, cells have to communicate with each other in order to control 
their proliferation, differentiation, survival and to perform diverse physiological functions. 
Cells release and receive signals to induce these different states of growth either by direct 
cell-to-cell interaction or via secreted molecules. This communication is elicited through so-
called signaling molecules such as transmembrane receptors that are embedded in cell 
membrane and can activate intracellular signal transduction cascades which ultimately lead 
to gene activation or repression and a cellular response. According to the specificity, 
strength and duration of the signal received, the cell will proliferate, differentiate, change 
shape, migrate, and enter into growth arrest or undergo apoptosis. These complex signaling 
networks are highly regulated and alterations of the normal intracellular signals can lead to 
the development of diseases such as cancer. It is now known that a series of genetic 
mutations are required for the progressive conversion of normal human cells into cancerous 
cells. Hanahan and Weinberg have proposed a model of tumorigenesis, whereby several 
physiological conditions are required before cells become tumorigenic (Hanahan and 
Weinberg, 2011). These include self-sufficiency in growth signals, insensitivity to growth-
inhibitory signals, evasion of programmed cell death, limitless replicative potential, 
sustained angiogenesis, tissue invasion and metastasis. In proliferative signaling pathways 
for example, numerous proto-oncogenes or tumor suppressors have been identified, the 
mutation of which cause amplification of signaling or loss of negative regulation resulting in 
over-proliferation and eventual tumor formation. Unlike normal cells, which tightly 
regulate extracellular ligand levels, receptor expression and secondary signaling molecules, 
cancer cells often lose the ability to regulate these signaling events. For example, 
overexpression of receptor tyrosine kinases (RTKs) (Libermann et al., 1985), mutation of RAt 
Sarcoma (Ras) protein (Marshall, 1996) or the overexpression of PI3K (phosphatidylinositol 
3-kinase) (Sulis and Parsons, 2003) are thought to lead to cell transformation. 

1.2 Correlation between tumor secreted proteins and cancer  
During tumor metastasis, cell-cell interactions are decreased leading to cell dissociation and 
detachment from the primary tumor. On the other hand, cell-extracellular matrix 
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interactions are increased facilitating tumor cell migration and metastasis. Thus, during 
tumorigenesis and metastasis, the secreted proteins in the extracellular space are majorly 
responsible for growth control, cell adhesion/migration, matrix-degradation, invasion and 
angiogenesis (Mbeunkui et al., 2006b). Importantly, these tumor cell secreted proteins 
majorly enter body fluid system such as blood, urine, lymph fluid and can be measured by 
non-invasive tests. Thus, analysis the tumor secreted proteins is a promising strategy to 
discover cancer biomarkers.  

1.3 Detection of breast cancer markers with high-throughput technologies 
Breast cancer is one of the leading causes of death among women around the world. The 5-
year survival rate for breast cancer is near 97% when tumors are confined to breast tissue, 
but decrease dramatically to 23% when tumors have metastasized to other organs at the 
time of diagnosis (Kulasingam and Diamandis, 2007b; Jemal et al., 2004). Previous studies 
indicated that the transformation and metastasis of normal breast cells are correlated to 
altered expression in both transcription and translation levels (Nuyten and van de Vijver, 
2008; Morrow, 2007; Lee et al., 2007; Kulasingam and Diamandis, 2007a; Hondermarck et al., 
2002). To better understand the molecular mechanisms associated with tumorigenesis and 
metastasis, it is necessary to identify gene expression signatures and protein expression 
markers among non-tumorigenic breast cells, non-invasive breast cancer cells, and invasive 
breast cancer cells. At the transcription level, microarray strategies have been used to 
classify breast tumors as highly invasive and non-invasive cancer (Sorlie et al., 2003; 
Nagaraja et al., 2006). At the translation level, proteomic strategies have been used to discern 
cancer markers from non-invasive and invasive breast cells (Nagaraja et al., 2006; Pawlik et 
al., 2006; Pucci-Minafra et al., 2002; Varnum et al., 2003). Nagaraja et al. compared the 
proteomic profiling of cell lines corresponding to healthy breast cells, non-invasive breast 
cancer cells, and invasive breast cancer cells using two-dimensional gel electrophoresis (2-
DE). Pucci-Minafra et al. compared a ductal infiltrating carcinoma-derived cell line with a 
non-tumoral mammary epithelial cell line using 2-DE, silver staining, immunodetection, 
and N-terminal sequencing and identified 58 differentially expressed proteins. In contrast to 
these cell line based studies, Pawlik et al. and Varnum et al. analyzed differentially expressed 
proteins among nipple aspirate fluid samples from tumor-bearing and disease-free breasts. 
Although these identified proteins are primarily abundant proteins, few of them have been 
validated as biomarkers. 
During tumorigenesis and metastasis, secreted proteins in the extracellular space are major 
factors in growth control, cell motility, cell invasion, angiogenesis and matrix-degradation 
(Mbeunkui et al., 2006a). Consequently, the analysis of tumor secreted proteins is a 
promising strategy for identifying cancer biomarkers. In the past few years, researchers have 
used proteomic analysis to identify some secreted biomarker candidates for human cancer 
using 2-dimensional differential in-gel electrophoresis (2D-DIGE) and liquid 
chromatography-tandem (LC-tandem) mass spectrometry. These markers have been found 
in lung cancer, liver cancer, pancreatic cancer and colorectal cancer (Xue et al., 2008b). In 
breast cancer research, Kulasingam and Diamandis used a liquid chromatography-mass 
spectrometry/mass (LC-MS/MS) strategy to analyze and compare the expression of 
extracellular and membrane-bound proteins in conditioned media of three breast cell types 
corresponding to a normal control and cell lines derived from stage 2 and stage 4 patients. 
Their studies identified numerous marker proteins from conditioned media (Kulasingam 
and Diamandis, 2007b). 
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1.4 Utilization of 2D-DIGE / MALDI-TOF MS-based strategies in the global analysis of 
breast cancer markers  
2-DE is currently a key technique in profiling thousands of proteins within biological 
samples and plays a role complementary to LC/MS-based proteomic analysis (Timms and 
Cramer, 2008a). However, reliable quantitative comparisons between gels and gel-to-gel 
variations remain the primary challenge in 2-DE analysis. A significant improvement in the 
gel-based analysis of protein quantitation and detection was achieved by the introduction of 
2D-DIGE, which can co-detect numerous samples in the same 2-DE. This approach 
minimizes gel-to-gel variations and compares the relative amount of protein features across 
different gels using an internal fluorescent standard. Moreover, the 2D-DIGE technique has 
the advantages of a broader dynamic range, higher sensitivity, and greater reproducibility 
than traditional 2-DE. This innovative technology relies on the pre-labeling of protein 
samples with fluorescent dyes (Cy2, Cy3 and Cy5) before electrophoresis. Each dye has a 
distinct fluorescent wavelength, allowing multiple experimental samples with an internal 
standard to be simultaneously separated in the same gel. The internal standard, which is a 
pool of an equal amount of the experimental protein samples, helps provide accurate 
normalization data and increase statistical confidence in relative quantitation among gels 
(Timms and Cramer, 2008b; Westermeier and Scheibe, 2008; Marouga et al., 2005; Lai et al., 
2010; Chou et al., 2010; Huang et al., 2010; Chan et al., 2005; Chan et al., 2009). 
Followed the separation of the proteins from biological samples by 2-DE and proteolysis of 
interested spots by a specific protease, subsequently mass spectrometry is an accurate and 
sensitive tool to identify these interesting proteins/peptides. Basically, there are two major 
types of approach used in the identification of proteins and peptides. The first one is matrix-
assisted laser-desorption/ionization mass spectrometry (MALDI-TOF-MS) (Karas and 
Hillenkamp, 1988) and the other one is electrospray ionization mass spectrometry (ESI-MS) 
(Fenn et al., 1989; Whitehouse et al., 1985). MALDI-TOF-MS relies on ions generated from a 
solid phase using laser pulses. The sample is usually applied in a matrix solution [eg. 2,5-
dihydroxybenzoic acid (DHB) and alpha-cyano-4-hydroxycinnamic acid (CHCA)] that 
facilitates the ion formation by absorption of photon energy from a laser source. ESI-MS 
generates ions from a liquid phase. The sample, in a solvent mixture is directly sprayed into 
the mass spectrometry where an electrostatic field is formed between the capillary and the 
walls of the mass spectrometer. As the droplets form and travel, they evaporate and the 
resulting charged particles enter into the gas phase. Each ion is separated in the mass 
spectrometry according to its mass-to-charge ratio (m/z ratio). Protein identification by 
mass spectrometry can be carried out by peptide mass mapping using MALDI-TOF-MS or 
by further peptide fragmentation to generate sequence data using tandem mass 
spectrometry (MS/MS) (Henzel et al., 1993; James et al., 1993; Mann et al., 1993; Yates, III et 
al., 1993). 

1.5 Application of luminal epithelial cell models with various invasive stages in the 
discovery of breast cancer markers 
A direct comparison of cancer tissue with normal tissue is the best theoretical method of 
obtaining protein expression signatures during tumor progression. However, a direct 
comparison of clinical samples increases the amount of false positives due to the 
heterogeneity of tumor specimens, which interferes with the identification of tumor-specific 
markers. For this reason, well-characterized model cell lines established from normal and 
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tumor tissue are recognized as more informative in cancer proteomics research. In the field 
of breast cancer research, MCF-10A, MCF-7 and MDA-MB-231 are widely used to represent 
non-tumorigeneic breast luminal epithelial cells, non-invasive breast cancer cells derived 
from the luminal duct and metastatic breast cancer cells derived from the same tissue, 
respectively (Singh et al., 2006; Lu et al., 2006). Accordingly, we are introduced a proteomics 
strategy to discover the putative diagnostic markers and therapeutic targets from this cell 
model system. To achieve these goals, it is necessary to identify potential biomarkers that 
reflect the progression of tumorigenesis. Thus, we compared the proteomic profiles of total 
cellular proteins and secreted proteins of this cell model system using 2D-DIGE to 
quantitatively identify putative transformation markers in breast cancer. 

2. 2D-DIGE and MALDI-TOF MS analysis of secretomes across MCF-10A, 
MCF-7 and MDA-MB-231 cells  

Secreted proteins, plasma membrane bound proteins and extracellular proteins mediate cell 
attachment, cell motility, cell-cell interactions and cell invasion. These proteins have the 
highest possibility of being found in the circulation system, including the blood, and thus 
serve as cancer markers or important markers involved in cancer formation (Xue et al., 
2008a). To identify potential proteins that may be involved in tumor formation and 
metastasis, this study develops a strategy for preparing secreted proteins from normal and 
cancer cell lines with minimal cytosolic protein contamination. Although these cell lines are 
generally grown in serum-supplemented media, a serum-free conditioned medium is 
necessary to prevent serum protein contamination and to allow accurate detection of 
proteins secreted by cells. A serum-free medium is believed to affect the growth of cells and 
the production of secreted proteins; however, recent studies indicate that the serum-free 
condition does not significantly affect the composition of the secreted proteins (Yamaguchi 
et al., 1990; Inoue et al., 2000). In addition, it is impossible to prevent cell death, and the 
release of considerable amounts of cytosolic proteins into culture media in either the serum-
free condition or the serum-supplemented medium. Accordingly, an intensive wash step 
was performed prior to incubating these cells in serum-free media to remove both cytosolic 
proteins and serum proteins. Meanwhile, the incubation time in serum-free media was 
optimized in advance, minimizing the serum-free induced autolysis of the cells, and 
enabling the recovery of an adequate amount of secreted proteins for 2D-DIGE analysis. The 
concentration of secreted proteins in this study was extremely low at approximately 1~2 µg 
/ ml. For this reason, a concentration step was essential to enrich secreted proteins enough 
for proteomics analysis, and a desalt step was also required for the 2D-DIGE experiment. In 
this secretomic analysis, MCF-10A, MCF-7 and MDA-MB-231 were grown on cell culture 
dishes and the confluency of cells was checked prior to incubation in serum-free culture 
media to ensure that no other exogenous proteins were present. To minimize cell autolysis 
induced by starvation and to maximize secreted protein concentration in the media, the 
starvation time of each cell line has to be optimized. Through immunoblotting, the lactate 
dehydrogenase (LDH) and β-tubulin levels were detected in the 1000-fold concentrated 
serum-free media starting at 48~60 hrs and at 60~72 hrs, respectively (Figure 1). LDH and β-
tubulin are both cytoplasmic proteins and their levels in the media represent the amount of 
cell death taking place in cell culture. Accordingly, a starvation period of 30 hrs was chosen 
for further 2D-DIGE based secretomic analysis. 
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Fig. 1. Optimization of starvation time for secretomic analysis. MCF-10A, MCF-7 and MDA-
MB-231 on cell culture dishes were used to check starvation induced cell autolysis by 
detecting the release of cytoplasmic proteins, LDH and β-tubulin in serum-free media. The 
serum-free media were harvested and concentrated 1000-fold at indicative starvation 
periods prior to performing immunoblotting analysis. 

Subsequently, proteins secreted from each cell type were enriched from the serum-free 
medium followed by labeling with CyDyes for 2D-DIGE analysis. The secretomic profiling 
of MCF-10A, MCF-7 and MDA-MB-231 were visualized using a fluorescence scanner and 
the images were superimposed using ImageQuant software (Figure. 2). To investigate the 
potential involvement of secreted proteins in tumorigenesis and metastasis for human 
breast cancer, biological variation analysis of spots showing greater than 1.5-fold change in 
expression with a t-test score of less than 0.05 were visually checked before confirming the 
alterations for protein identification. MALDI-TOF MS identification revealed 50 unique 
differentially expressed proteins across MCF-10A, MCF-7 and MDA-MB-231 (Table 1). Of 
the proteins identified, 42 were differentially expressed between MCF-7 / MCF-10A, 44 of 
them were differentially expressed between MDA-MB-231 / MCF-10A, and 37 proteins 
were differentially expressed between MDA-MB-231 and MCF-7. In the three cell lines 
investigated, 39% of the total proteins identified were extracellular and plasma membrane-
anchored proteins (Figure 3A) indicating that these membrane-associated proteins might be 
trimmed off the plasma membrane by proteases or might not be completely integrated into 
the plasma membrane. Most of the identified proteins were involved in signaling 
transduction, redox-regulation and metabolism (Figure 3B). To our knowledge, 14 out of 
these identified spots, including tetratricopeptide repeats 3 (IFIT3), have not been reported 
in any breast cancer related studies. Consequently, these proteins might have the potential 
to be putative breast cancer markers. As expected, this 2D-DIGE experiment also identified a 
number of reported breast cancer markers, including Cathepsin D (Zhang et al., 2007) and 
Insulin-like growth factor-binding protein 4 (IGFBP4) (Mita et al., 2007). These results 
demonstrate that the proposed approach significantly enriches secreted proteins and 
membrane proteins in comparison with the previous report that only 2% of the entire 
mammary epithelial cell proteomes are classified as secreted and membrane proteins (Jacobs 
et al., 2004). On the other hand, 61% of the total identified proteins in the medium were 
neither secreted proteins nor membrane-bound proteins. Most of them were sub-located in 
the cytoplasma, implying that some level of cell necrosis or autolysis was taking place.  
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Fig. 2. Secretomic comparisons across MCF-10A, MCF-7 and MDA-MB-231 cells using 2D-
DIGE. Protein samples (50µg each) enriched from serum-free media were labeled with 
CyDyes and separated using 24 cm, pH 3-10 non-linear IPG strips. 2D-DIGE images of MCF-
10A, MCF-7, and MDA-MB-231 at appropriate excitation and emission wavelengths were 
pseudo-colored and overlaid with ImageQuant Tool (GE Healthcare). 
 
 
 

 
 
 

Table 1. Identification of differentially expressed secreted proteins across MCF-10A, MCF-7, 
and MDA-MB-231 breast cells obtained after 2D-DIGE coupled with MALDI-TOF mass 
spectrometry analysis. The functional classes of identified proteins were obtained from the 
Uniprot website (http://www.uniprot.org/). The average ratio (≧2 fold) of differentially 
expressed proteins across MCF-7 / MCF-10A and MDA-MB-231 / MCF-10A were 
calculated considering 3 replica gels (p < 0.05) and listed in this table. 
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Fig. 3. Percentage of secreted proteins identified from serum-free media by 2D-DIGE / 
MALDI-TOF MS for MCF-10A, MCF-7 and MDA-MB-231 cells according to their sub-
cellular locations (A) and biological functions (B). 

3. 2D-DIGE and MALDI-TOF MS analysis of total intracellular proteomes 
across MCF-10A, MCF-7 and MDA-MB-231 cells 

To identify the altered abundances of proteins and relate them to the tumorigenesis of breast 
cancer, the proteomic profiles of MCF-10A, MCF-7 and MDA-MB-231 were analyzed. 
Triplicates of the three different cell lysates were compared using 2D-DIGE to obtain an 
overview of breast cell tumorigenesis. Image analysis using DeCyder v7.0 clearly defined 
more than 2500 protein spots (Figure 4). To reduce the intrinsic variability derived from 
protein samples and gel-to-gel variation, only those protein spots that appeared in all of the 
triplicate gel images were used for statistical analysis. Furthermore, biological variation 
analysis of spots showing greater than 1.5-fold change in expression with a t-test score of 
less than 0.05 were visually checked before confirming the alterations for protein 
identification. MALDI-TOF MS identification revealed 133 unique differentially expressed 
proteins across MCF-10A, MCF-7, and MDA-MB-231 (Table 2). Of the 133 proteins 
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Table 2. Identification of differentially expressed total cellular proteomes across MCF-10A, 
MCF-7, and MDA-MB-231 breast cells obtained after 2D-DIGE coupled with MALDI-TOF 
mass spectrometry analysis. The functional classes of identified proteins were obtained from 
the Uniprot website (http://www.uniprot.org/). The average ratio (≧2 fold) of 
differentially expressed proteins across MCF-7 / MCF-10A and MDA-MB-231 / MCF-10A 
were calculated considering 3 replica gels (p < 0.05) and listed in this table. 

identified, 107 of them had differential expressions between MCF-7 / MCF-10A, 63 were 
differentially expressed between MDA-MB-231 / MCF-10A and 96 had differential 
expressions between MDA-MB-231 and MCF-7. Almost half of the total proteins identified 
in this breast cell model were cytosolic proteins (Figure 5A), and most of the identified 
proteins were involved in signaling transduction, metabolism, protein folding, and cell 
motility (Figure 5B). To our knowledge, 51 of these identified spots, including calumenin, 
have not been reported in any breast cancer related studies. As such, these proteins might 
have the potential to be putative breast cancer markers. As expected, some well-known 
breast cancer markers, such as 14-3-3 proteins (Danes et al., 2008), annexins (Cao et al., 
2008a), calmodulin (Gallo et al., 2008), anterior gradient homolog 2 (AGR-2) (Zweitzig et al., 
2007; Fritzsche et al., 2006), Galectin-1 (Jung et al., 2007) and Rho-associated protein kinase-2 
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(ROCK2) (Fu et al., 2008b), were also identified in this 2D-DIGE experiment, lending 
credence to the reliability of early phase biomarker detection using this experimental 
strategy. 
 

 
Fig. 4. Proteomic comparisons across MCF-10A, MCF-7 and MDA-MB-231 cells using 2D-
DIGE. Protein samples (150µg each) purified from total cell lysates were labeled with Cy-
dyes and separated using 24 cm, pH 3-10 non-linear IPG strips. 2D-DIGE images of MCF-
10A, MCF-7 and MDA-MB-231 at appropriate excitation and emission wavelengths were 
pseudo-colored and overlaid with ImageQuant Tool (GE Healthcare). 

4. Validation of characterized breast cancer markers through immunoblotting 
and immunofluorescence  

The secretomic study indentified some of the well-characterized breast cancer related 
cytosolic proteins such as Cyclophilin A, 14-3-3delta and peroxiredoxin 2 in culture media 
(Harding and Handschumacher, 1988; Aitken, 2006; Fujii and Ikeda, 2002). It is essential to 
validate the levels of these cytosolic proteins in the medium from independent experiments. 
To this end, the expression level of cyclophilin A, 14-3-3delta and peroxiredoxin 2 from the 
culture media of MDA-MB-231, MCF-7 and MCF-10A were validated with immunoblotting. 
The results indicate that both the proteomic and immunoblot analysis showed cyclophilin A 
and 14-3-3 delta down-regulated in MCF-7 in comparison to the levels in MCF-10A. In 
contrast, peroxiredoxin 2 showed up-regulation in MCF-7 in comparison to the levels in 
MCF-10A. Comparing the secreted protein levels between MCF-10A and MDA-MB-231 
indicates that the peroxiredoxin 2 and 14-3-3 delta expression levels increased in MDA-MB-
231 and MCF-10A, respectively; however, the cyclophilin A level showed no significant 
change (Figure 6 A~C). This observation confirmed that cyclophilin A, 14-3-3delta and 
peroxiredoxin 2 were differentially secreted across the breast cells. 
Immunoblot and immunofluorescence analysis were carried out to further confirm the 
differential protein levels observed in total cellular proteins (annexin-2, cathepsin D, 
profilin, protein disulfide isomerase A1 and Histone deacetylase 1 (HDAC1)) across MDA-
MB-231, MCF-7 and MCF-10A (Figure 6 D~H). These proteins have been reported to play 
important roles in cytoskeleton regulation, proteolysis, calcium regulation, protein disulfide 
bond rearrangement and chromatin assembly during tumorigenesis (Feldner and Brandt, 
2002; Liaudet-Coopman et al., 2006; Sharma and Sharma, 2007; Fu et al., 2008a; Kawai et al., 
2003). The results of the immunoblotting indicate that cathepsin D and protein disulfide 
isomerase (PDI) showed up-regulation in MCF-7 cells but down-regulation in MDA-MB-231 
compared to the two protein expressions in MCF-10A. The expression levels of the profilin 
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and annexin 2 proteins showed down-regulation in MCF-7 but no significant changes in 
MDA-MB-231 compared to the levels in MCF-10A. These immunoblotting results 
demonstrate a positive correlation with the 2D-DIGE results (Figure 6 D~G). In addition to 
immunoblotting, validation was also performed with immunofluorescent analysis. Figure 
6H shows that most of the HDAC1 signal was distributed within the nucleus, which is 
consistent with the subcellular location of HDAC1 in cells. As expected, the fluorescent 
intensity with the same exposure indicates that HDAC1 showed increased expressions in 
MCF-7 and MDA-MB-231 compared to its expression in MCF-10A. Altogether, the results 
from immunoblotting and immunofluorescent agreed with the results from 2D-DIGE data. 
 

 
Fig. 5. Percentage of total cellular proteins identified by 2D-DIGE / MALDI-TOF MS for 
MCF-10A, MCF-7 and MDA-MB-231 cells according to their sub-cellular locations (A) and 
biological functions (B). 
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Fig. 6. Representative immunoblotting and immunofluorescent analyses for selected 
differentially expressed proteins identified by proteomic analysis in MCF-10A, MCF-7 and 
MDA-MB-231 cells. The levels of identified proteins in serum-free media, (A) Cyclophilin A, 
(B) 14-3-3 delta and (C) Peroxiredoxin 2 and total cellular proteins, (D) Annexin-2,  
(E) Cathepsin D, (F) Profilin and (G) Protein disulfide isomerase A1 in MDA-MB-231 and 
MCF-7 versus MCF-10A confirmed by immunoblot (left top panels), densitometry results 
with normalized values using nonspecific bands (NS) of secreted proteins and -tubulin as 
loading controls (left bottom panels), protein expression map (right top panels) and three-
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dimensional spot image (right bottom panels). (H) MCF-10A, MCF-7 and MDA-MB-231 cells 
were fixed and incubated with anti-HDAC antibody and stained with a Texas Red-
conjugated secondary antibody (Red). Nuclei were stained with DAPI (Blue). Each set of 
three fields was taken using the same exposure, and images are representative of three 
different fields. Scale bar = 20µm. 

5. Validation of unreported identified putative tumorigenic markers through 
immunoblotting and immunofluorescence  

The cellular proteomic and secretomic analyses above reveal that a number of unreported 
identified proteins may be putative breast cancer markers (Tables 1 and 2). To verify this 
observation, immunoblotting and immunofluorescence were used to validate these 
differentially expressed proteins including bestrophin 3, membrane protein, palmitoylated 2 
(MPP2), parvalbumin, PDZ and LIM domain protein 1 (PdLIM1), IFIT3 and barrier to 
autointegration factor 1 (BANF1) as these proteins showed relatively significant changes (> 
3 fold) in comparison with most of the unreported identified proteins across MCF-10A, 
MCF-7 and MDA-MB-231. The immunoblotting analysis of concentrated serum-free media 
shows that more bestrophin 3 was secreted in the cell lines of MCF-7 and MDA-MB-231 than 
MCF-10A, while MPP2 was only detected in MDA-MB-231. Notably, the bestrophin 3 
blotting result did not completely agree with the 2D-DIGE data, where levels in MCF-7 were 
higher than MDA-MB-231 (Figure 7A). Using immunofluorescent staining, the robust 
increase of parvalbumin signal in both the MCF-7 and MDA-MB-231 cells was first 
confirmed after comparison with the signal in MCF-10A. Parvalbumin was primarily 
localized in the nucleus, which coincided with the DAPI stained nucleus. Further 
investigation of parvabumin expression in other breast cancer cell lines indicates that 
parvabumin was over-expressed in MDA-MB-453, a line of non-invasive breast cancer cells, 
and slightly up-regulated in MDA-MB-361, an adenocarcinoma with metastatic ability 
(Figure 7B). These results imply that parvabumin might have the potential to be a breast 
cancer marker. In contrast, PdLIM1, a cytosolic protein, was down-regulated in all breast 
cancer lines: MCF-7, MDA-MB-231, MDA-MB-453 and MDA-MB-361 (Figure 7B). In 
addition, IFIT3, a plasma membrane protein, was down-regulated in transformed cells, 
especially in MCF-7 and MDA-MB-231, and was consistent with the proteomic data from 
2D-DIGE (Figure 7B). Interestingly, BANF1, a major nucleus-located protein, was 
distributed in the cytoplasma of the MCF-10A cells, but was confined within the nucleus in 
MCF-7, MDA-MB-231 and MDA-MB-453 cells; in addition, BANF1 was distributed within 
the cytoplasma and nucleus in MDA-MB-361 (Figure 7B). These results indicate that the 
BANF1 levels were different between healthy breast cells and breast cancer cells, and that 
the subcellular locations of the protein may account for tumorigenesis. 
Nuclear distribution protein nudE homolog 1 (NDE1), GRAM domain containing 2 
(GRAMD2), Parvabumin and bestrophin 3 (Best3), have not been reported in previous 
breast cancer studies, implying that these proteins need to be further investigated to confirm 
them as valuable breast cancer markers. In order to examine the expression levels of the 
newly identified breast cancer markers in clinical specimens, we had used plasma 
specimens from healthy donors and breast cancer patients to compare the expression levels 
of the markers including NDE1, GRAMD2, Parvabumin and Best3. The results showed that 
these identified markers were significantly increased in breast cancer patients rather than in 
the healthy donors and these increases were observed in both non-metastatic and metastatic 
breast cancers (Figure 8). 
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Fig. 7. Immunoblotting and immunofluorescence analyses of the expression and protein 
localization changes of newly identified putative breast cancer markers across MCF-10A, 
MCF-7, MDA-MB-231, MDA-MB-453 and MDA-MB-361 cells. (A) The profile of the secreted 
proteome changes across MCF-10A, MCF-7, MDA-MB-231, MDA-MB-453 and MDA-MB-
361 cells. The serum-free media from the cell lines was concentrated and 10µg of the total 
protein was resolved using SDS-PAGE and immunoblotted for MPP2 and Bestrophin 3. NS 
represents a nonspecific band used to show equal loading of secreted proteins. (B) 5 x 104 
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MCF-10A, MCF-7, MDA-MB-231, MDA-MB-453 and MDA-MB-361 cells were seeded on 
cover slips before fixation and staining for Parvabumin, BANF1, PdLIM1 and IFIT3. Each set 
of three fields was taken using the same exposure, and images are representative of three 
different fields. Scale bar = 20µm. 

 

 
Fig. 8. ELISA analysis of plasma NDE1, GRAMD2, pavabumin and best3 levels in healthy 
donors, breast cancer patients. Plasma samples were obtained from 30 healthy individuals, 
30 breast cancer patients (15 without detectable metastasis and 15 breast cancer patients 
presenting metastasis) at the time of serum collection. 50 g of plasma samples were coated 
onto each well of 96-well plate for ELISA analysis and the absorbance was measured at 450 
nm using Stat Fax 2100 microtiterplate reader. 

6. Functional classifications of the identified breast cancer markers  

With the basis of a Swiss-Prot search and KEGG pathway analysis, numerous potential 
biological functions of the identified proteins across MCF-10A, MCF-7 and MDA-MB-231 
were determined. The information should be useful for studying the mechanisms of breast 
cancer tumorigenesis and metastasis. Figure 9 compares the expression profiles of the 
identified differentially expressed proteins in these 3 cell lines. Proteins known to regulate 
cell cycle are found to be upregulated in both MCF-7 and MDA-MB-231 (Figure 9A), and are 
associated with the promotion of tumorigenesis (Dictor et al., 1999). In addition, the 
expression of proteins linked to redox-regulation increased in the MCF-7 cells in comparison 
to the levels in MCF-10A (Figure 9B). Induced expression of these proteins may be able to 
account for cancer development and progression. For example, Noh et al. showed that 
peroxiredoxins are greatly over-expressed in most breast cancer tissues (Noh et al., 2001). 
Proteomic analysis also reveals that proteins involved in carbohydrate metabolism are 
significantly over-expressed in MCF-7 cells (Figure 9C). This demonstrates that cancer cells 
rely heavily on glycolysis to obtain ATP for proliferation and tumorigenesis in the presence 
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of adequate oxygen levels (Lopez-Lazaro, 2008); this mechanism has been implicated in 
numerous cancer therapies (Gatenby and Gillies, 2007; Rivenzon-Segal et al., 2003). Figures 
9D~F show the downregulated profiles of proteins in both MCF-7 and MDA-MB-231 cells. 
These proteins are involved in calcium regulation, vascular transport and protease 
inhibition. Calcium-binding proteins, such as annexin-1, whose function is modulated by an 
estrogen receptor, have been reported to show decreased expression in correlation with 
breast cancer development and progression(Ang et al., 2009; Cao et al., 2008b; Shen et al., 
2006; Shen et al., 2005). The S100 protein family is a family of low molecular weight calcium-
binding proteins that is responsible for the regulation of protein phosphorylation, intracellular 
calcium homostasis, the dynamics of cytoskeleton constituents and cell proliferation (Donato, 
2003). The S100 family has become a major interest because of its deregulated expression in 
human diseases, especially in cancer. According to Ji et al. (2004), S100 families exhibit 
significantly reduced expression in esophageal squamous cell carcinoma (Ji et al., 2004) and are 
hence recognized as a prognostic esophageal cancer marker. In here, S100A14 was identified as 
downregulated in MCF-7 and MDA-MB-231, suggesting their potential roles in breast cancer. 
Interestingly, proteins involved in vascular transport, including Rab GTPase-binding effector 
protein and vacuolar protein sorting-associated protein 54, were decreased in expression in 
MCF-7 and MDA-MB-231 (Figure 9F). This may be explained by a previous report indicating 
that the downregulation of Rab5 GDP/GTP exchange factor enhances receptor tyrosine kinase 
signaling and promotes the growth factor-directed migration of tumor cells (Hu et al., 2008). 
However, there are few studies on tumorigenesis regarding the roles of the Rab GTPase-
binding effector protein and the vacuolar protein sorting-associated protein 54. Serpin is a 
group of proteins able to inhibit protease and block the growth, invasion, and metastatic 
properties of breast tumors. Hence, serpin families function as tumor suppressors in cancer 
research (Sager et al., 1997). The downregulation of serpin is well-correlated with the 
progression of breast cancer (Webber et al., 2008) and our own observations in MCF-7 and 
MDA-MB-231 cells (Figure 9F). 
Other differentially expressed proteins of interest across MCF-10A, MCF-7 and MDA-MB-
231 include cathepsin D, bestrophin-3 and interferon-induced protein with IFIT3. Cathepsin 
D, a lysosomal aspartic protease, is over-expressed in estrogen receptor positive breast 
cancer cells (Rochefort, 1999) and is generally of good prognostic value in comparison with 
estrogen receptor negative breast cancer in clinical studies (Rochefort, 1998). Our study 
indicates that cathepsin D is highly expressed in MCF-7, both in total cellular proteins or in 
secreted fraction. In contrast, cathepsin D is significantly down-regulated in MDA-MB-231 
cells compared with MCF-7. Thus, our proteomic results display good correlation with these 
reports. To our knowledge, bestrophin-3, a cGMP-dependent calcium-activated chloride 
channel, has not been reported to be associated with cancer and shows upregulation in 
MCF-7 and MDA-MB-231 in this study. Nevertheless, the related study in bestrophin-1 
shows the protein improves intracellular Ca2+ signaling and increases cell growth rate in 
colonic carcinoma cells. The proliferation of the cells is significantly suppressed by 
bestrophin-1 RNA interference treatment (Spitzner et al., 2008). This indicates bestrophin-3 
may be a potential target for breast cancer therapy. IFIT3 plays a key role in the 
antiproliferative activity of the interferon-related signaling pathway through inducing 
expression of cell cycle inhibitors, p21 and p27 proteins (Xiao et al., 2006). The 2D-DIGE 
results in this study show that IFIT3 is downregulated in both MCF-7 and MDA-MB-231 
cells, implying that breast cancer cells may maintain a high level of proliferative activity by 
downregulating the expression of IFIT3. 
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Fig. 9. Expression profiles for proteins potentially contributing to (A) cell cycle (B) redox 
regulation (C) carbohydrate metabolism (D) calcium regulation (E) vascular transport (F) 
protease inhibition in comparing MCF-7 and MDA-MB-231 with MCF-10A. White bars 
represent fold change in protein expression in MDA-MB-231 versus MCF-10A. Black bars 
represent fold change in protein expression in MCF-7 versus MCF-10A. The vertical axis 
indicates the identified proteins; the horizontal axis indicates the fold change in protein 
expression. Additional details for each protein can be found in Table 1 and Table 2. 
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7. Different proteomic approaches in the study of breast cancer markers  

Results of this study include the differentially expressed protein profiles of intracellular 
proteins and extracellular secreted proteins in non-transformed and transformed breast cell 
lines. The 2D-DIGE strategy is powerful enough to identify numerous breast cancer signatures 
and offers a complementary role to LC/MS-based proteomic analysis. Even though the global 
coverage of protein mixtures identified by LC-MS based analysis is generally higher than that 
of 2-DE based analysis, 2-DE based analysis offers some distinct advantages, such as direct 
protein quantification at protein isoform levels instead of peptide levels to reduce analytical 
variations (Timms and Cramer, 2008a). Using the LC-MS/MS strategy, Kulasingam and 
Diamandis analyzed and compared the expressions of extracellular and membrane-bound 
proteins in conditioned media of three breast cells corresponding to the normal control cells 
and cell lines derived from stage 2 and stage 4 patients, respectively (Kulasingam and 
Diamandis, 2007b). Their study identified 1062 differentially expressed proteins across these 
three cell lines. A comparison between Kulasingam’s study and our 2D-DIGE secretomic study 
shows that 25 out of 50 identified differentially expressed secreted proteins coincide with 
Kulasingam’s study, indicating that both LC-MS/MS and 2D-DIGE are potential tools for 
discovering breast cancer markers with reasonable reproducibility. However, another 25 out of 
these 50 identified proteins have never been published in Kulasingam’s study or any other 
studies, demonstrating that 2D – DIGE, compared with LC-MS/MS, plays a complementary 
role in the discovery of biomarkers.  
In previous research, Nagaraja et.al. used traditional 2-DE with post-stains (silver stain and 
coomassie blue stain) to reveal 26 differentially expressed proteins among transformed 
breast cells with different levels of invasiveness and normal cells which were the same cell 
lines used in the present study (Nagaraja et al., 2006). Their study showed no evidence of 
visualizing protein spots with sensitive strategies, and protein expression changes were not 
quantifiable because no broader linear-ranged methods and statistical analysis were 
employed. Only six out of those 26 proteins coincide with our statistical 2D-DIGE data, 
which implies that differences might have derived from artificial variations or from results 
with no statistical analysis. 
Mitochondria are key organelles in mammary cells in responsible for several cellular functions 
including growth, division and energy metabolism. In our recent works, mitochondrial 
proteins were enriched for proteomics analysis with the state-of-the-art 2D-DIGE and matrix-
assistant laser desorption ionization time-of-flight mass spectrometry (MALDI-TOF MS) 
strategy to compare and identify the mitochondrial protein profiling changes between three 
breast cell lines with different tumorigenesity and metastatic potential. The mitochondrial 
proteomics demonstrate more than 1500 protein features from equal amount pooled of 
mitochondrial proteins of these three breast cancer lines and 125 differentially expressed 
protein spots were identified by peptide fingerprintings. In which, 33 identified proteins 
belong to mitochondrial proteins. 18 out of these 33 identified mitochondrial proteins such as 
short calcium-binding mitochondrial carrier protein-1 (SCaMC-1) have not been reported in 
breast cancer research in our knowledge. Additionally, mitochondrial protein prohibitin has 
shown to be differentially distributed in mitochondria and in nucleus for healthy breast cells 
and breast cancer cell lines, respectively. This approach provides comprehensive studies 
examining mitochondrial proteins in various stages of breast cancer progression and these 
identified proteins may be further evaluated as potential breast cancer risk factors for breast 
cancer initiation and progression. 
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8. Conclusion 

The transformation of a normal cell into a cancer cell has been correlated with alterations in 
gene regulation and protein expression. To identify altered proteins and link them to the 
tumorigenesis of breast cancer, non-tumorigenic breast epithelial cells (MCF-10A) were used 
to distinguish their proteomes from non-invasive breast cancer cells (MCF-7) and invasive 
breast cancer cells (MDA-MB-231) for the identification of the potential breast cancer 
markers in transformed breast cells. Using the 2D-DIGE and MALDI-TOF MS techniques, 
the differentially expressed extracellular secreted proteins and total cellular proteins across 
MCF-10A, MCF-7 and MDA-MB-231 were quantitatively identified. More than 180 unique 
differentially expressed secreted and intracellular proteins from these three different cell 
lines have been identified by proteomic analysis. In which, 14 of the secreted proteins and 51 
of the total cellular proteins have not been previously reported in breast cancer research. 
Some of these unreported proteins have further been verified in other breast cancer cell 
lines, such as MDA-MB-453 and MDA-MB-361 cells, and clinical specimens. Although 
breast cell lines have been used widely to study the biological and molecular heterogeneity 
of breast cancer, it is important to assess their relation to in vivo genotypes and phenotypes 
of breast cancer. According to gene and protein expression profiling, breast cell lines were 
recently better classified to five major subtypes: luminal-A, luminal-B, ERBB2, basal-like and 
normal-like, which may not completely correspond to biological reality but have shown a 
direct correlation with clinical outcomes of this disease (Kao et al., 2009; Charafe-Jauffret et 
al., 2006; Perou et al., 2000; Chin et al., 2006). It is thus possible to predict the differences in 
proteins identified among MCF-10A (normal-like), MCF-7 (luminal) and MDAMB-231 
(basal-like/post-epithelial mesenchymal transition) are due to the cell lines representing 
different molecular subtypes of breast cancer in addition to reflect different stages of breast 
cancer development. Moreover, these three mammary epithelium cells have been commonly 
selected to compare in many studies as MCF-7 is estrogen receptor positive while MDA-MB-
231 is estrogen receptor negative. Therefore, the identified protein signatures in MCF-7 are 
possible link to estrogen-stimulated progression of non-invasive breast cancer. To sum up, 
proteomics strategy has offered opportunity to investigate the putative breast cancer 
markers from various breast cell lines and may aid in developing identified proteins as 
useful diagnostic and therapeutic candidates in research on cancer and proteomics. 

9. Acknowledgments 

This work was supported by NSC grant (99-2311-B-007-002 and 100-2311-B-007-005) from 
National Science Council, Taiwan, NTHU and CGH grant (100N2723E1) from National 
Tsing Hua University, NTHU Booster grant (99N2908E1) from National Tsing Hua 
University, Toward Word-Class University project from National Tsing Hua University 
(100N2051E1) and VGHUST grant (99-P5-22) from Veteran General Hospitals University 
System of Taiwan. The authors thank Dr. Wun-Shaing Wayne Chang (National Health 
Research Institute, Taiwan) for providing the MCF-10A cell line. 

10. References  

Aitken, A. (2006). 14-3-3 proteins: a historic overview. Semin. Cancer Biol. 16, 162-172. 



 
Proteomic Analysis of Potential Breast Cancer Biomarkers 197 

Ang, E.Z., Nguyen, H.T., Sim, H.L., Putti, T.C., and Lim, L.H. (2009). Annexin-1 regulates 
growth arrest induced by high levels of estrogen in MCF-7 breast cancer cells. Mol. 
Cancer Res. 7, 266-274. 

Cao, Y., Li, Y., Edelweiss, M., Arun, B., Rosen, D., Resetkova, E., Wu, Y., Liu, J., Sahin, A., 
and Albarracin, C.T. (2008b). Loss of annexin A1 expression in breast cancer 
progression. Appl. Immunohistochem. Mol. Morphol. 16, 530-534. 

Cao, Y., Li, Y., Edelweiss, M., Arun, B., Rosen, D., Resetkova, E., Wu, Y., Liu, J., Sahin, A., 
and Albarracin, C.T. (2008a). Loss of annexin A1 expression in breast cancer 
progression. Appl. Immunohistochem. Mol. Morphol. 16, 530-534. 

Chan, H.L., Chou, H.C., Duran, M., Gruenewald, J., Waterfield, M.D., Ridley, A., and 
Timms, J.F. (2009). Major role of EGFR and SRC kinases in promoting oxidative 
stress-dependent loss of adhesion and apoptosis in epithelial cells. J. Biol. Chem. 
285, 4307-4318. 

Chan, H.L., Gharbi, S., Gaffney, P.R., Cramer, R., Waterfield, M.D., and Timms, J.F. (2005). 
Proteomic analysis of redox- and ErbB2-dependent changes in mammary luminal 
epithelial cells using cysteine- and lysine-labelling two-dimensional difference gel 
electrophoresis. Proteomics. 5, 2908-2926. 

Charafe-Jauffret, E., Ginestier, C., Monville, F., Finetti, P., Adelaide, J., Cervera, N., Fekairi, 
S., Xerri, L., Jacquemier, J., Birnbaum, D., and Bertucci, F. (2006). Gene expression 
profiling of breast cell lines identifies potential new basal markers. Oncogene 25, 
2273-2284. 

Chin, K., DeVries, S., Fridlyand, J., Spellman, P.T., Roydasgupta, R., Kuo, W.L., Lapuk, A., 
Neve, R.M., Qian, Z., Ryder, T., Chen, F., Feiler, H., Tokuyasu, T., Kingsley, C., 
Dairkee, S., Meng, Z., Chew, K., Pinkel, D., Jain, A., Ljung, B.M., Esserman, L., 
Albertson, D.G., Waldman, F.M., and Gray, J.W. (2006). Genomic and 
transcriptional aberrations linked to breast cancer pathophysiologies. Cancer Cell 
10, 529-541. 

Chou, H.C., Chen, Y.W., Lee, T.R., Wu, F.S., Chan, H.T., Lyu, P.C., Timms, J.F., and Chan, 
H.L. (2010). Proteomics study of oxidative stress and Src kinase inhibition in H9C2 
cardiomyocytes: A cell model of heart ischemia reperfusion injury and treatment. 
Free Radic. Biol. Med. 49, 96-108. 

Danes, C.G., Wyszomierski, S.L., Lu, J., Neal, C.L., Yang, W., and Yu, D. (2008). 14-3-3 zeta 
down-regulates p53 in mammary epithelial cells and confers luminal filling. Cancer 
Res. 68, 1760-1767. 

Dictor, M., Ehinger, M., Mertens, F., Akervall, J., and Wennerberg, J. (1999). Abnormal cell 
cycle regulation in malignancy. Am. J. Clin. Pathol. 112, S40-S52. 

Donato, R. (2003). Intracellular and extracellular roles of S100 proteins. Microsc. Res. Tech. 
60, 540-551. 

Feldner, J.C. and Brandt, B.H. (2002). Cancer cell motility--on the road from c-erbB-2 
receptor steered signaling to actin reorganization. Exp. Cell Res. 272, 93-108. 

Fenn, J.B., Mann, M., Meng, C.K., Wong, S.F., and Whitehouse, C.M. (1989). Electrospray 
ionization for mass spectrometry of large biomolecules. Science 246, 64-71. 

Fritzsche, F.R., Dahl, E., Pahl, S., Burkhardt, M., Luo, J., Mayordomo, E., Gansukh, T., 
Dankof, A., Knuechel, R., Denkert, C., Winzer, K.J., Dietel, M., and Kristiansen, G. 



 
Breast Cancer – Recent Advances in Biology, Imaging and Therapeutics 198 

(2006). Prognostic relevance of AGR2 expression in breast cancer. Clin. Cancer Res. 
12, 1728-1734. 

Fu, X., Wang, P., and Zhu, B.T. (2008a). Protein disulfide isomerase is a multifunctional 
regulator of estrogenic status in target cells. J. Steroid Biochem. Mol. Biol. 112, 127-
137. 

Fu, X.D., Giretti, M.S., Baldacci, C., Garibaldi, S., Flamini, M., Sanchez, A.M., Gadducci, A., 
Genazzani, A.R., and Simoncini, T. (2008b). Extra-nuclear signaling of progesterone 
receptor to breast cancer cell movement and invasion through the actin 
cytoskeleton. PLoS. ONE. 3, e2790. 

Fujii, J. and Ikeda, Y. (2002). Advances in our understanding of peroxiredoxin, a 
multifunctional, mammalian redox protein. Redox. Rep. 7, 123-130. 

Gallo, D., Jacquot, Y., Laurent, G., and Leclercq, G. (2008). Calmodulin, a regulatory partner 
of the estrogen receptor alpha in breast cancer cells. Mol. Cell Endocrinol. 291, 20-
26. 

Gatenby, R.A. and Gillies, R.J. (2007). Glycolysis in cancer: a potential target for therapy. Int. 
J. Biochem. Cell Biol. 39, 1358-1366. 

Hanahan, D. and Weinberg, R.A. (2011). Hallmarks of cancer: the next generation. Cell 144, 
646-674. 

Harding, M.W. and Handschumacher, R.E. (1988). Cyclophilin, a primary molecular target 
for cyclosporine. Structural and functional implications. Transplantation 46, 29S-
35S. 

Henzel, W.J., Billeci, T.M., Stults, J.T., Wong, S.C., Grimley, C., and Watanabe, C. (1993). 
Identifying proteins from two-dimensional gels by molecular mass searching of 
peptide fragments in protein sequence databases. Proc. Natl. Acad. Sci. U. S. A 90, 
5011-5015. 

Hondermarck, H., Dolle, L., Yazidi-Belkoura, I., Vercoutter-Edouart, A.S., Adriaenssens, E., 
and Lemoine, J. (2002). Functional proteomics of breast cancer for signal pathway 
profiling and target discovery. J. Mammary. Gland. Biol. Neoplasia. 7, 395-405. 

Hu, H., Milstein, M., Bliss, J.M., Thai, M., Malhotra, G., Huynh, L.C., and Colicelli, J. (2008). 
Integration of transforming growth factor beta and RAS signaling silences a RAB5 
guanine nucleotide exchange factor and enhances growth factor-directed cell 
migration. Mol. Cell Biol. 28, 1573-1583. 

Huang, H.L., Hsing, H.W., Lai, T.C., Chen, Y.W., Lee, T.R., Chan, H.T., Lyu, P.C., Wu, C.L., 
Lu, Y.C., Lin, S.T., Lin, C.W., Lai, C.H., Chang, H.T., Chou, H.C., and Chan, H.L. 
(2010). Trypsin-induced proteome alteration during cell subculture in mammalian 
cells. J. Biomed. Sci. 17, 36. 

Inoue, Y., Kawamoto, S., Shoji, M., Hashizume, S., Teruya, K., Katakura, Y., and Shirahata, S. 
(2000). Properties of ras-amplified recombinant BHK-21 cells in protein-free 
culture. Cytotechnology 33, 21-26. 

Jacobs, J.M., Mottaz, H.M., Yu, L.R., Anderson, D.J., Moore, R.J., Chen, W.N., Auberry, K.J., 
Strittmatter, E.F., Monroe, M.E., Thrall, B.D., Camp, D.G., and Smith, R.D. (2004). 
Multidimensional proteome analysis of human mammary epithelial cells. J. 
Proteome. Res. 3, 68-75. 

James, P., Quadroni, M., Carafoli, E., and Gonnet, G. (1993). Protein identification by mass 
profile fingerprinting. Biochem. Biophys. Res. Commun. 195, 58-64. 



 
Proteomic Analysis of Potential Breast Cancer Biomarkers 199 

Jemal, A., Tiwari, R.C., Murray, T., Ghafoor, A., Samuels, A., Ward, E., Feuer, E.J., and Thun, 
M.J. (2004). Cancer statistics, 2004. CA Cancer J. Clin. 54, 8-29. 

Ji, J., Zhao, L., Wang, X., Zhou, C., Ding, F., Su, L., Zhang, C., Mao, X., Wu, M., and Liu, Z. 
(2004). Differential expression of S100 gene family in human esophageal squamous 
cell carcinoma. J. Cancer Res. Clin. Oncol. 130, 480-486. 

Jung, E.J., Moon, H.G., Cho, B.I., Jeong, C.Y., Joo, Y.T., Lee, Y.J., Hong, S.C., Choi, S.K., Ha, 
W.S., Kim, J.W., Lee, C.W., Lee, J.S., and Park, S.T. (2007). Galectin-1 expression in 
cancer-associated stromal cells correlates tumor invasiveness and tumor 
progression in breast cancer. Int. J. Cancer 120, 2331-2338. 

Kao, J., Salari, K., Bocanegra, M., Choi, Y.L., Girard, L., Gandhi, J., Kwei, K.A., Hernandez-
Boussard, T., Wang, P., Gazdar, A.F., Minna, J.D., and Pollack, J.R. (2009). 
Molecular profiling of breast cancer cell lines defines relevant tumor models and 
provides a resource for cancer gene discovery. PLoS. One. 4, e6146. 

Karas, M. and Hillenkamp, F. (1988). Laser desorption ionization of proteins with molecular 
masses exceeding 10, 000 daltons. Anal. Chem. 60, 2299-2301. 

Kawai, H., Li, H., Avraham, S., Jiang, S., and Avraham, H.K. (2003). Overexpression of 
histone deacetylase HDAC1 modulates breast cancer progression by negative 
regulation of estrogen receptor alpha. Int. J. Cancer 107, 353-358. 

Kulasingam, V. and Diamandis, E.P. (2007b). Proteomics analysis of conditioned media from 
three breast cancer cell lines: a mine for biomarkers and therapeutic targets. Mol. 
Cell Proteomics. 6, 1997-2011. 

Kulasingam, V. and Diamandis, E.P. (2007a). Proteomics analysis of conditioned media from 
three breast cancer cell lines: a mine for biomarkers and therapeutic targets. Mol. 
Cell Proteomics. 6, 1997-2011. 

Lai, T.C., Chou, H.C., Chen, Y.W., Lee, T.R., Chan, H.T., Shen, H.H., Lee, W.T., Lin, S.T., Lu, 
Y.C., Wu, C.L., and Chan, H.L. (2010). Secretomic and Proteomic Analysis of 
Potential Breast Cancer Markers by Two-Dimensional Differential Gel 
Electrophoresis. J. Proteome. Res. 9, 1302-1322. 

Lee, W.Y., Huang, S.C., Tzeng, C.C., Chang, T.L., and Hsu, K.F. (2007). Alterations of 
metastasis-related genes identified using an oligonucleotide microarray of 
genistein-treated HCC1395 breast cancer cells. Nutr. Cancer 58, 239-246. 

Liaudet-Coopman, E., Beaujouin, M., Derocq, D., Garcia, M., Glondu-Lassis, M., Laurent-
Matha, V., Prebois, C., Rochefort, H., and Vignon, F. (2006). Cathepsin D: newly 
discovered functions of a long-standing aspartic protease in cancer and apoptosis. 
Cancer Lett. 237, 167-179. 

Lopez-Lazaro, M. (2008). The warburg effect: why and how do cancer cells activate 
glycolysis in the presence of oxygen? Anticancer Agents Med. Chem. 8, 305-312. 

Lu, T.J., Lai, W.Y., Huang, C.Y., Hsieh, W.J., Yu, J.S., Hsieh, Y.J., Chang, W.T., Leu, T.H., 
Chang, W.C., Chuang, W.J., Tang, M.J., Chen, T.Y., Lu, T.L., and Lai, M.D. (2006). 
Inhibition of cell migration by autophosphorylated mammalian sterile 20-like 
kinase 3 (MST3) involves paxillin and protein-tyrosine phosphatase-PEST. J. Biol. 
Chem. 281, 38405-38417. 

Mann, M., Hojrup, P., and Roepstorff, P. (1993). Use of mass spectrometric molecular weight 
information to identify proteins in sequence databases. Biol. Mass Spectrom. 22, 
338-345. 



 
Breast Cancer – Recent Advances in Biology, Imaging and Therapeutics 200 

Marouga, R., David, S., and Hawkins, E. (2005). The development of the DIGE system: 2D 
fluorescence difference gel analysis technology. Anal. Bioanal. Chem. 382, 669-678. 

Mbeunkui, F., Fodstad, O., and Pannell, L.K. (2006a). Secretory protein enrichment and 
analysis: an optimized approach applied on cancer cell lines using 2D LC-MS/MS. 
J. Proteome. Res. 5, 899-906. 

Mbeunkui, F., Fodstad, O., and Pannell, L.K. (2006b). Secretory protein enrichment and 
analysis: an optimized approach applied on cancer cell lines using 2D LC-MS/MS. 
J. Proteome. Res. 5, 899-906. 

Mita, K., Zhang, Z., Ando, Y., Toyama, T., Hamaguchi, M., Kobayashi, S., Hayashi, S., Fujii, 
Y., Iwase, H., and Yamashita, H. (2007). Prognostic significance of insulin-like 
growth factor binding protein (IGFBP)-4 and IGFBP-5 expression in breast cancer. 
Jpn. J. Clin. Oncol. 37, 575-582. 

Morrow, T. (2007). Gene expression microarray improves prediction of breast cancer 
outcomes. Manag. Care 16, 51-52. 

Nagaraja, G.M., Othman, M., Fox, B.P., Alsaber, R., Pellegrino, C.M., Zeng, Y., Khanna, R., 
Tamburini, P., Swaroop, A., and Kandpal, R.P. (2006). Gene expression signatures 
and biomarkers of noninvasive and invasive breast cancer cells: comprehensive 
profiles by representational difference analysis, microarrays and proteomics. 
Oncogene 25, 2328-2338. 

Noh, D.Y., Ahn, S.J., Lee, R.A., Kim, S.W., Park, I.A., and Chae, H.Z. (2001). Overexpression 
of peroxiredoxin in human breast cancer. Anticancer Res. 21, 2085-2090. 

Nuyten, D.S. and van de Vijver, M.J. (2008). Using microarray analysis as a prognostic and 
predictive tool in oncology: focus on breast cancer and normal tissue toxicity. 
Semin. Radiat. Oncol. 18, 105-114. 

Pawlik, T.M., Hawke, D.H., Liu, Y., Krishnamurthy, S., Fritsche, H., Hunt, K.K., and Kuerer, 
H.M. (2006). Proteomic analysis of nipple aspirate fluid from women with early-
stage breast cancer using isotope-coded affinity tags and tandem mass 
spectrometry reveals differential expression of vitamin D binding protein. BMC. 
Cancer 6, 68. 

Perou, C.M., Sorlie, T., Eisen, M.B., van de, R.M., Jeffrey, S.S., Rees, C.A., Pollack, J.R., Ross, 
D.T., Johnsen, H., Akslen, L.A., Fluge, O., Pergamenschikov, A., Williams, C., Zhu, 
S.X., Lonning, P.E., Borresen-Dale, A.L., Brown, P.O., and Botstein, D. (2000). 
Molecular portraits of human breast tumours. Nature 406, 747-752. 

Pucci-Minafra, I., Fontana, S., Cancemi, P., Alaimo, G., and Minafra, S. (2002). Proteomic 
patterns of cultured breast cancer cells and epithelial mammary cells. Ann. N. Y. 
Acad. Sci. 963, 122-139. 

Rivenzon-Segal, D., Boldin-Adamsky, S., Seger, D., Seger, R., and Degani, H. (2003). 
Glycolysis and glucose transporter 1 as markers of response to hormonal therapy in 
breast cancer. Int. J. Cancer 107, 177-182. 

Rochefort, H. (1998). [Estrogens, cathepsin D and metastasis in cancers of the breast and 
ovary: invasion or proliferation?]. C. R. Seances Soc. Biol. Fil. 192, 241-251. 

Rochefort, H. (1999). [Estrogen-induced genes in breast cancer, and their medical 
importance]. Bull. Acad. Natl. Med. 183, 955-968. 

Sager, R., Sheng, S., Pemberton, P., and Hendrix, M.J. (1997). Maspin. A tumor suppressing 
serpin. Adv. Exp. Med. Biol. 425, 77-88. 



 
Proteomic Analysis of Potential Breast Cancer Biomarkers 201 

Sharma, M.C. and Sharma, M. (2007). The role of annexin II in angiogenesis and tumor 
progression: a potential therapeutic target. Curr. Pharm. Des 13, 3568-3575. 

Shen, D., Chang, H.R., Chen, Z., He, J., Lonsberry, V., Elshimali, Y., Chia, D., Seligson, D., 
Goodglick, L., Nelson, S.F., and Gornbein, J.A. (2005). Loss of annexin A1 
expression in human breast cancer detected by multiple high-throughput analyses. 
Biochem. Biophys. Res. Commun. 326, 218-227. 

Shen, D., Nooraie, F., Elshimali, Y., Lonsberry, V., He, J., Bose, S., Chia, D., Seligson, D., 
Chang, H.R., and Goodglick, L. (2006). Decreased expression of annexin A1 is 
correlated with breast cancer development and progression as determined by a 
tissue microarray analysis. Hum. Pathol. 37, 1583-1591. 

Singh, B., Berry, J.A., Vincent, L.E., and Lucci, A. (2006). Involvement of IL-8 in COX-2-
mediated bone metastases from breast cancer. J. Surg. Res. 134, 44-51. 

Sorlie, T., Tibshirani, R., Parker, J., Hastie, T., Marron, J.S., Nobel, A., Deng, S., Johnsen, H., 
Pesich, R., Geisler, S., Demeter, J., Perou, C.M., Lonning, P.E., Brown, P.O., 
Borresen-Dale, A.L., and Botstein, D. (2003). Repeated observation of breast tumor 
subtypes in independent gene expression data sets. Proc. Natl. Acad. Sci. U. S. A 
100, 8418-8423. 

Spitzner, M., Martins, J.R., Soria, R.B., Ousingsawat, J., Scheidt, K., Schreiber, R., and 
Kunzelmann, K. (2008). Eag1 and Bestrophin 1 are up-regulated in fast-growing 
colonic cancer cells. J. Biol. Chem. 283, 7421-7428. 

Timms, J.F. and Cramer, R. (2008a). Difference gel electrophoresis. Proteomics. 8, 4886-4897. 
Timms, J.F. and Cramer, R. (2008b). Difference gel electrophoresis. Proteomics. 8, 4886-4897. 
Varnum, S.M., Covington, C.C., Woodbury, R.L., Petritis, K., Kangas, L.J., Abdullah, M.S., 

Pounds, J.G., Smith, R.D., and Zangar, R.C. (2003). Proteomic characterization of 
nipple aspirate fluid: identification of potential biomarkers of breast cancer. Breast 
Cancer Res. Treat. 80, 87-97. 

Webber, B.A., Lawson, D., and Cohen, C. (2008). Maspin and Mutant p53 expression in 
malignant melanoma and carcinoma: use of tissue microarray. Appl. 
Immunohistochem. Mol. Morphol. 16, 19-23. 

Westermeier, R. and Scheibe, B. (2008). Difference gel electrophoresis based on lys/cys 
tagging. Methods Mol. Biol. 424, 73-85. 

Whitehouse, C.M., Dreyer, R.N., Yamashita, M., and Fenn, J.B. (1985). Electrospray interface 
for liquid chromatographs and mass spectrometers. Anal. Chem. 57, 675-679. 

Xiao, S., Li, D., Zhu, H.Q., Song, M.G., Pan, X.R., Jia, P.M., Peng, L.L., Dou, A.X., Chen, G.Q., 
Chen, S.J., Chen, Z., and Tong, J.H. (2006). RIG-G as a key mediator of the 
antiproliferative activity of interferon-related pathways through enhancing p21 and 
p27 proteins. Proc. Natl. Acad. Sci. U. S. A 103, 16448-16453. 

Xue, H., Lu, B., and Lai, M. (2008b). The cancer secretome: a reservoir of biomarkers. J. 
Transl. Med. 6, 52. 

Xue, H., Lu, B., and Lai, M. (2008a). The cancer secretome: a reservoir of biomarkers. J. 
Transl. Med. 6, 52. 

Yamaguchi, N., Yamamura, Y., Koyama, K., Ohtsuji, E., Imanishi, J., and Ashihara, T. (1990). 
Characterization of new human pancreatic cancer cell lines which propagate in a 
protein-free chemically defined medium. Cancer Res. 50, 7008-7014. 



 
Breast Cancer – Recent Advances in Biology, Imaging and Therapeutics 202 

Yates, J.R., III, Speicher, S., Griffin, P.R., and Hunkapiller, T. (1993). Peptide mass maps: a 
highly informative approach to protein identification. Anal. Biochem. 214, 397-408. 

Zhang, Y.G., DU, J., Tian, X.X., Zhong, Y.F., and Fang, W.G. (2007). Expression of E-
cadherin, beta-catenin, cathepsin D, gelatinases and their inhibitors in invasive 
ductal breast carcinomas. Chin Med. J. (Engl. ) 120, 1597-1605. 

Zweitzig, D.R., Smirnov, D.A., Connelly, M.C., Terstappen, L.W., O'Hara, S.M., and Moran, 
E. (2007). Physiological stress induces the metastasis marker AGR2 in breast cancer 
cells. Mol. Cell Biochem. 306, 255-260. 



<<
  /ASCII85EncodePages false
  /AllowTransparency false
  /AutoPositionEPSFiles true
  /AutoRotatePages /None
  /Binding /Left
  /CalGrayProfile (Dot Gain 20%)
  /CalRGBProfile (sRGB IEC61966-2.1)
  /CalCMYKProfile (U.S. Web Coated \050SWOP\051 v2)
  /sRGBProfile (sRGB IEC61966-2.1)
  /CannotEmbedFontPolicy /Error
  /CompatibilityLevel 1.3
  /CompressObjects /Tags
  /CompressPages true
  /ConvertImagesToIndexed true
  /PassThroughJPEGImages true
  /CreateJobTicket false
  /DefaultRenderingIntent /Default
  /DetectBlends true
  /DetectCurves 0.0000
  /ColorConversionStrategy /LeaveColorUnchanged
  /DoThumbnails false
  /EmbedAllFonts true
  /EmbedOpenType false
  /ParseICCProfilesInComments true
  /EmbedJobOptions true
  /DSCReportingLevel 0
  /EmitDSCWarnings false
  /EndPage -1
  /ImageMemory 1048576
  /LockDistillerParams false
  /MaxSubsetPct 100
  /Optimize true
  /OPM 1
  /ParseDSCComments true
  /ParseDSCCommentsForDocInfo true
  /PreserveCopyPage true
  /PreserveDICMYKValues true
  /PreserveEPSInfo true
  /PreserveFlatness true
  /PreserveHalftoneInfo false
  /PreserveOPIComments true
  /PreserveOverprintSettings true
  /StartPage 1
  /SubsetFonts false
  /TransferFunctionInfo /Apply
  /UCRandBGInfo /Preserve
  /UsePrologue false
  /ColorSettingsFile ()
  /AlwaysEmbed [ true
  ]
  /NeverEmbed [ true
  ]
  /AntiAliasColorImages false
  /CropColorImages true
  /ColorImageMinResolution 300
  /ColorImageMinResolutionPolicy /OK
  /DownsampleColorImages true
  /ColorImageDownsampleType /Bicubic
  /ColorImageResolution 300
  /ColorImageDepth -1
  /ColorImageMinDownsampleDepth 1
  /ColorImageDownsampleThreshold 1.50000
  /EncodeColorImages true
  /ColorImageFilter /DCTEncode
  /AutoFilterColorImages true
  /ColorImageAutoFilterStrategy /JPEG
  /ColorACSImageDict <<
    /QFactor 0.15
    /HSamples [1 1 1 1] /VSamples [1 1 1 1]
  >>
  /ColorImageDict <<
    /QFactor 0.15
    /HSamples [1 1 1 1] /VSamples [1 1 1 1]
  >>
  /JPEG2000ColorACSImageDict <<
    /TileWidth 256
    /TileHeight 256
    /Quality 30
  >>
  /JPEG2000ColorImageDict <<
    /TileWidth 256
    /TileHeight 256
    /Quality 30
  >>
  /AntiAliasGrayImages false
  /CropGrayImages true
  /GrayImageMinResolution 300
  /GrayImageMinResolutionPolicy /OK
  /DownsampleGrayImages true
  /GrayImageDownsampleType /Bicubic
  /GrayImageResolution 300
  /GrayImageDepth -1
  /GrayImageMinDownsampleDepth 2
  /GrayImageDownsampleThreshold 1.50000
  /EncodeGrayImages true
  /GrayImageFilter /DCTEncode
  /AutoFilterGrayImages true
  /GrayImageAutoFilterStrategy /JPEG
  /GrayACSImageDict <<
    /QFactor 0.15
    /HSamples [1 1 1 1] /VSamples [1 1 1 1]
  >>
  /GrayImageDict <<
    /QFactor 0.15
    /HSamples [1 1 1 1] /VSamples [1 1 1 1]
  >>
  /JPEG2000GrayACSImageDict <<
    /TileWidth 256
    /TileHeight 256
    /Quality 30
  >>
  /JPEG2000GrayImageDict <<
    /TileWidth 256
    /TileHeight 256
    /Quality 30
  >>
  /AntiAliasMonoImages false
  /CropMonoImages true
  /MonoImageMinResolution 1200
  /MonoImageMinResolutionPolicy /OK
  /DownsampleMonoImages true
  /MonoImageDownsampleType /Bicubic
  /MonoImageResolution 1200
  /MonoImageDepth -1
  /MonoImageDownsampleThreshold 1.50000
  /EncodeMonoImages true
  /MonoImageFilter /CCITTFaxEncode
  /MonoImageDict <<
    /K -1
  >>
  /AllowPSXObjects false
  /CheckCompliance [
    /None
  ]
  /PDFX1aCheck false
  /PDFX3Check false
  /PDFXCompliantPDFOnly false
  /PDFXNoTrimBoxError true
  /PDFXTrimBoxToMediaBoxOffset [
    0.00000
    0.00000
    0.00000
    0.00000
  ]
  /PDFXSetBleedBoxToMediaBox true
  /PDFXBleedBoxToTrimBoxOffset [
    0.00000
    0.00000
    0.00000
    0.00000
  ]
  /PDFXOutputIntentProfile (None)
  /PDFXOutputConditionIdentifier ()
  /PDFXOutputCondition ()
  /PDFXRegistryName ()
  /PDFXTrapped /False

  /CreateJDFFile false
  /Description <<

    /BGR <>
    /CHS <FEFF4f7f75288fd94e9b8bbe5b9a521b5efa7684002000410064006f006200650020005000440046002065876863900275284e8e9ad88d2891cf76845370524d53705237300260a853ef4ee54f7f75280020004100630072006f0062006100740020548c002000410064006f00620065002000520065006100640065007200200035002e003000204ee553ca66f49ad87248672c676562535f00521b5efa768400200050004400460020658768633002>
    /CHT <FEFF4f7f752890194e9b8a2d7f6e5efa7acb7684002000410064006f006200650020005000440046002065874ef69069752865bc9ad854c18cea76845370524d5370523786557406300260a853ef4ee54f7f75280020004100630072006f0062006100740020548c002000410064006f00620065002000520065006100640065007200200035002e003000204ee553ca66f49ad87248672c4f86958b555f5df25efa7acb76840020005000440046002065874ef63002>
    /CZE <>
    /DAN <>
    /DEU <>
    /ESP <>
    /ETI <>
    /FRA <>
    /GRE <>

    /HRV (Za stvaranje Adobe PDF dokumenata najpogodnijih za visokokvalitetni ispis prije tiskanja koristite ove postavke.  Stvoreni PDF dokumenti mogu se otvoriti Acrobat i Adobe Reader 5.0 i kasnijim verzijama.)
    /HUN <>
    /ITA <>
    /JPN <FEFF9ad854c18cea306a30d730ea30d730ec30b951fa529b7528002000410064006f0062006500200050004400460020658766f8306e4f5c6210306b4f7f75283057307e305930023053306e8a2d5b9a30674f5c62103055308c305f0020005000440046002030d530a130a430eb306f3001004100630072006f0062006100740020304a30883073002000410064006f00620065002000520065006100640065007200200035002e003000204ee5964d3067958b304f30533068304c3067304d307e305930023053306e8a2d5b9a306b306f30d530a930f330c8306e57cb30818fbc307f304c5fc59808306730593002>
    /KOR <FEFFc7740020c124c815c7440020c0acc6a9d558c5ec0020ace0d488c9c80020c2dcd5d80020c778c1c4c5d00020ac00c7a50020c801d569d55c002000410064006f0062006500200050004400460020bb38c11cb97c0020c791c131d569b2c8b2e4002e0020c774b807ac8c0020c791c131b41c00200050004400460020bb38c11cb2940020004100630072006f0062006100740020bc0f002000410064006f00620065002000520065006100640065007200200035002e00300020c774c0c1c5d0c11c0020c5f40020c2180020c788c2b5b2c8b2e4002e>
    /LTH <>
    /LVI <>
    /NLD (Gebruik deze instellingen om Adobe PDF-documenten te maken die zijn geoptimaliseerd voor prepress-afdrukken van hoge kwaliteit. De gemaakte PDF-documenten kunnen worden geopend met Acrobat en Adobe Reader 5.0 en hoger.)
    /NOR <>
    /POL <>
    /PTB <>
    /RUM <>
    /RUS <>
    /SKY <>
    /SLV <>
    /SUO <>
    /SVE <>
    /TUR <>
    /UKR <>
    /ENU (Use these settings to create Adobe PDF documents best suited for high-quality prepress printing.  Created PDF documents can be opened with Acrobat and Adobe Reader 5.0 and later.)
  >>
  /Namespace [
    (Adobe)
    (Common)
    (1.0)
  ]
  /OtherNamespaces [
    <<
      /AsReaderSpreads false
      /CropImagesToFrames true
      /ErrorControl /WarnAndContinue
      /FlattenerIgnoreSpreadOverrides false
      /IncludeGuidesGrids false
      /IncludeNonPrinting false
      /IncludeSlug false
      /Namespace [
        (Adobe)
        (InDesign)
        (4.0)
      ]
      /OmitPlacedBitmaps false
      /OmitPlacedEPS false
      /OmitPlacedPDF false
      /SimulateOverprint /Legacy
    >>
    <<
      /AddBleedMarks false
      /AddColorBars false
      /AddCropMarks false
      /AddPageInfo false
      /AddRegMarks false
      /ConvertColors /ConvertToCMYK
      /DestinationProfileName ()
      /DestinationProfileSelector /DocumentCMYK
      /Downsample16BitImages true
      /FlattenerPreset <<
        /PresetSelector /MediumResolution
      >>
      /FormElements false
      /GenerateStructure false
      /IncludeBookmarks false
      /IncludeHyperlinks false
      /IncludeInteractive false
      /IncludeLayers false
      /IncludeProfiles false
      /MultimediaHandling /UseObjectSettings
      /Namespace [
        (Adobe)
        (CreativeSuite)
        (2.0)
      ]
      /PDFXOutputIntentProfileSelector /DocumentCMYK
      /PreserveEditing true
      /UntaggedCMYKHandling /LeaveUntagged
      /UntaggedRGBHandling /UseDocumentProfile
      /UseDocumentBleed false
    >>
  ]
>> setdistillerparams
<<
  /HWResolution [2400 2400]
  /PageSize [481.890 680.315]
>> setpagedevice


